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(a) Synthetic texture

SV number

Kernel Type Trained? (ratioto training set) Testrate
Polynomial N
@=1...5) No
RBF (y=10) Yes 39(97.5%) 80%
LHOM((n=2) No
(©=8)
LHOM(n=3) Yes 2(5%) 83%
(0=8)
LHOM(n=4) Yes 3(7.5%) 82%
(0=28)
LHOM(n=5) Yes 8(20%) 84 %
{(o=8)
(b) Natural texture
. .y : SV number Test rate
Kemel Type Trained?  (\yTSM/ Use SM) (No SM/ Use SM)
Polynomial Partly ; o /200,
d=1,.,5) (at d=1 only) 40740 50%/50%
RBF (y=10) Yes 40740 65%765%
LHOM(n=2) Yes 5/40 69%/79%
(0=8)
LHOM(n =3} Yes 27740 73%/75%
a=8)
LHOM(n=4) Yes 30735 75%/175%
©0=8)
LHOM(n=5) Yes 37/40 67 % /69 %
(0=38)
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