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train( TruiningSet):
begin
initializeCD();

foreach e in TrainingSet
foreach feature f
if es value is known
if ef > upper then upper = ef
if ey < lower then lower = ey
updateDistribution(f, s, €cass)
end
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classification(e,):
begin
foreach class ¢ vote, = 0
foreach feature f
if ef value is known
foreach class ¢
if elower < e; and ef < Cupper
then vote, = vote.+ getPoint(c,es,Af)
return class ¢ with highest vote,
end
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