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[ has.wall(casel, living, south).

has.wall(casel, kitchen, east).
has_wall(case2, living, south).
has wall(case2, kitchen, east).
has.wall(cased, living, south).
£t = ¢ has_wall(case3, k.it?h,en, east).
haswall(cased, living, south).
has.wall(case5, living, east).
has_ wall(caseB, living, south).
has_ wall(case6, kitchen, east).
has_wall(caseT, living, south).
has_wall(case, kitchen, east).

has_wall(cased, kitchen, east).

{ has_wall(cases, living, south).
£ =
has_wall(case5, kitchen, eust).
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area(casel, 43.78).
“areafcase2, 51.98).
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B = area(cesed, 59.4).
area(cased, 62.7).
area(caseb, 69.3).
area(ceseT, 72.6).
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has_wall(A,living,south):~area(A,B),B=< 59.4
has_wall(A,living,south):~area(A,B),B>= 69.3
has_wall(A,kitchen,east):-~area(A,B),B=< 58.58
has_wall(A,kitchen,east):-area(A,B),B>= 69.3
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Predictive vakue(#+) for

has_wall(A, living, south) = 0.75
Predictive vakue(+) for
has_wall(A; kitchen, east) = 1.0
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has_wall(A, living, south) :-
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has_wall(A, kitchen, east).
Predictive vakue(+) for
has_wall(A, living, south) = 0.86
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Positive Example | Number of clauses
east_of(Case,Room1,Room2) 1647
south_of(Case,Room1,Room2) 1575
has.wall(Case,Room,Direction) 2400
corner(Case,Room,Direction) 877

Background Knowledge | Number of clauses

floor.space(Case, SpaceSize) 149
ent_direction(Case, Directon) 149
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