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crush(X,fred) :~ ELEPHANT(X) D&\ o fEEET
£y boLL, HRAOMB

ELEPHANT (jumbo) . HUMAN(fred).
ELEPHANT (clyde). HUMAN(joe).
VEHICLE(carl). HOUSE(fred’s).
VEHICLE(car2). HOUSE(joe’s).
VEHICLE(jumbo) .

ELEPHANT (son(X)) : - ELEPHANT(X).
HUMAN(son(X)) :- HUMAN(X).
BIGGER(X,Y):~ ELEPHANT(X) ,HUMAN(Y).
BIGGER(X,Y):- VEHICLE(X) ,HUMAN(Y).
BIGGER(X,Y):- HOUSE(X),HUMAN(Y).
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crush(X,fred) : - ELEPHANT(X).
crush(clude,Y):- HUMAN(Y).
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crush(carl,Y):- HUMAN(Y).
crush{car2,Y) :~ HUMAN(Y).
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crush(X,Y) : - BIGGER(X,Y). (c)
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crush(X,Y) :- ELEPHANT (X) ,HUMAN(Y) . (1)
crush(X,Y) :- VEHICLE(X) ,HUMAN(Y). (c2)
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cr-pd < (30:RA)
head(c)8 = head(d), »2
" BU body(d)¢ = body(c)8¢
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RMMG(k, B, S);
P := {lggs(S)}; Ak:=k;
while ( Ak>2, %2 S~ L(P\p) M ) do
LT Ak ##ITTRE% p € P D HFEE
Ak FEITTEEL p e P 1EE;
AS =8 ~ L(P - {p});
AP := Divide(p, Ak, AS);
AP := Tighten(AP, AS);
AP :=(P-{p})UAP;
Ak:=k~-f§P+1;
endwhile
return P;
Divide(p, k, B, S);
pe(p) DHRFLET, P<kH2PHSIKL
TEBRHLZLDERE;
return P;
Tighten(P, B, S);
while ME{LT#%L p € P H%F% do
AS:=5—L(P—{p}) ;
q:=1gg8(AS);
P:=(P-{phU{g}h
endwhile;
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BRICH &5 {%¥B (learning from entailment) [2]
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