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Article Segmentation of Internet Delivery News
Using Neural Network

MINORU HATADA!

With the spread of the Internet, large volumes of text-based data can be obtained via mail
distribution services. Processing large volumes of information at high speeds requires an arti-
cle segmentation method that does not perform in deep semantic analysis and is not limited
to any particular data format. This paper proposes an article segmentation method that
employs neural network technology. Its effectiveness was verified by applying it to seven dis-
tribution services. On average, a high recognition ratio of 98.5% was obtained. Furthermore,
this recognition ratio may be improved to 99.3% through rule-based correction. Because the
set of learning patterns contains redundancy, eliminating these redundant learning patterns
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resulted in a sharp increase in speed (approximately five fold).
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Table 2 Evaluation test results (the number of learning samples of 10).
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Fig.9 Learning curve for news source 7.
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Table 3 Relationship between skip constant Ng and the number of real learning.

A%y 7TEK Ns 1 5 10 15 20 25 30 35 40 45 50
BHREN 974 | 976 | 97.7 | 97.7 | 97.6 | 97.6 | 97.8 | 97.8 | 97.6 | 97.8 | 97.7
WEEN 99.7 | 99.7 | 99.7 | 99.7 | 99.7 | 99.7 | 99.7 | 99.7 | 99.7 | 99.7 | 99.6
BEEM 99.2 | 99.3 | 99.3 | 99.4 | 99.4 | 99.3 | 99.4 | 99.3 | 99.4 | 99.3 | 99.4
WER M 99.3 | 99.3 | 99.3 | 99.3 | 99.3 | 99.3 | 99.3 | 99.3 | 99.3 | 99.3 | 99.3
AN 98.6 | 98.6 | 98.7 | 98.7 | 98.7 | 98.7 | 98.7 | 98.7 | 98.6 | 98.7 | 98.7
HBEM 99.3 | 99.3 | 99.3 | 99.4 | 99.4 | 99.3 | 99.3 | 99.3 | 99.3 | 99.3 | 99.4
EHEFBE 21.3 6.8 5.3 5.1 4.6 4.4 4.4 4.2 4.1 4.5 3.9

F4a FUENLEERE

Table 4 Learning times and recognition ratios.

ML | Bk 20 17 | &K 15 1T | K 10 47
BATE 7,244 4,019 3,552 3,020
PHEER (#)) 11.1 8.8 5.4 6.6
kR N 92.8 93.1 92.2 89.1
B M 97.2 96.6 95.3 89.2
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Fig.10 Relationship between the number of lines allo-
cated to input layer and recognition ratios for news
source 7.
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