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Keyword Spice Method for Building
Domain-specific Web Search Engines

TAakASHI KOKUBO,"® SATOSHI OYAMA,! TERUHIRO YAMADA,tec
YASUHIKO KITAMURA#t and TORU ISHIDAt®

The WWW technology has come into wide use in our society as an infrastructure that sup-
ports our daily life. But gathering information from the WWW is a difficult task for a novice
user even if he uses the search engines that are most widely used tool to retrieve information
from the WWW. Because the user must have experience and skill to find the relevant pages
from the large number of documents returned, which often cover a wide variety of topics. One
solution to the problem is to build a domain-specific search engine. So this paper presents
a new method that improves search performance by adding the domain-specific keywords,
called keyword spices, to the user’s input query; the modified query is then forwarded to a
general-purpose search engine. We describe a machine learning algorithm, which is a type
of decision-tree learning algorithm, that can extract keyword spices as a disjunctive normal
form of keywords from Web documents. To demonstrate the value of the keyword spices, we
conducted experiments in the cooking domain and the results showed the high performance.
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Fig.4 A simple decision tree.
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