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Nonparametric Bayesian modeling of latent topical hierarchies for annotated images
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Fig. 1 A graphical model of LDA.

2.2 CorrLDA
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Fig. 2 A graphical model of CorrLDA.
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2.3 SymCorrLDA
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Fig. 3 A graphical model of SymCorrLDA.
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Fig. 4 A configuration of CRP.
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Fig. 6 A graphical model of hLDA.
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Fig. 7 A graphical model of h-SymCorrLDA.
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Table 1 Summary of dataset after preprocessing.
Visual Word | Tag

Number of Images 2382
Number of words 511818 27774
Number of vocablaries 1000 1386
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