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Detecting unnormality of tweets based on topic model
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1. Choose N ~ Poisson(&)

2. Choose # ~ Dir(a)

3. For each of other of the N words w,,:
(a) Choose a topic 2z, ~ Multinomial(#).
(b) Choose a word wy, from p(wy|2,, ),

a multinomial probability conditioned on the topic z,.
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