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English Word Selection for Japanese Nouns Using Semantic Usage

SATORU IKEHARA," JIN’ICHI MURAKAMIt and HIROSHI KIRISAWA®

Translation word selection, especially for nouns, is one of the most important issues in
machine translation. This paper studied the capability of English word selection for basic
Japanese nouns using information of semantic usage. In this study, basic nouns of 1,082
words registered in IPAL dictionary were used for evaluation. The results are as follows.
Translation of 55% out of 499 words which have multiple translation words can uniquely be
determined by using the information of semantic usage. The number of translation candi-
dates can be reduced for 87% of 499 words. In the study of newspaper article translation, the
average value of the word ambiguity can be reduced from 3.0 to 1.4 by this method.
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Table 1 Noun types and their translations.
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Table 2 Distribution of English translation words for IPAL nouns.
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Table 3 Capability of differentiation of noun translation by semantic attributes.
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Fig.1 Classification of IPAL basic nouns based on selective translations.
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Table 4 Effects of the constrain by semantic attributes

for translation word selection.
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They will export the VTR cameras to England,
France and Germany, and they are expecting the
sales of thirty thousand per month in the whole
Europe.
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Table 5 Classification of nouns for translation words selection.
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Fig.2 Classification of nouns for translation words selection.
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Although the investment amount has not been
made clear, they will take over the increased capi-
tal to be paid in by Robotec. Therefore, their total
capital investment will be somewhat around 30 per-
cents.
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The electronic parts maker Coparu Electronics
will expand its electron sensor business.
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Table 6 Expectation of the improvements of semantic attribute system.
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Table 7 Required knowledge except for semantic
inclusion.
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