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Status++: Activity Tagging Recommendation
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Algorithm 1 T+K-Nearest {JED7 /LT X A
Require: context tags,user information

Ensure: recommended tag lists
1: for i = 0 to to number of context tags do
2 elapsedTime < t; — t, ser
3:  tagLocation < (lat;,lon;)
4:  if elapsedTime < 12 then
5: dif fTime < 1440 — elapsedIime.hour
6 else
7 dif fTime < elapsedTime.hour
8 end if
9:  tagLists; < (dif fTime,tagLocation, activityi)
10 1<=i+1
11: end for
12: sort(tag lists ) by diffTime
13: for j =0 to 30 do
14:  wserLocation < (lat,er,loner)

15:  recommendedTagLists; <=

(Distance(tagLocationj, user Location), activity;, )

16: j<=j+1
17: end for
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@ Status++ 2 checkin
Twitter:connected Facebook:connected
status_pp @ go to home,riding
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What are you doing??

the train workin
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TE% K-Nearest % T+K-Nearest £
working 17 34
riding the train 22 26
eating 17 24
relaxing 11 23
going to home 11 18
listening to the music 11 6
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