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Ex(10) Ex(11) Ex(12)

Pr . /p Ave/Best Pr |  Ave/Best Pr . Ave/Best
BFGS —/— 7.91/5.34 2.89/0.609 — 1.39/0.186
i0BEGS 88/— 0.839/0.50 88 2.83/0.602 80 3.69/0.186
10/— | 0.750/0.515 | 10 | 2.22/0.609 10 1.86/0.234
poBFGS | —/0.7 | 0.846/0.541 1.98/0.609 — 1.04/0.186
88/0.4 | 0.827/0.551 | 88 1.82/0.609 80 | 0.925/0.186
hBEGS 10/0.4 1.33/0.759 10 3.54/0.424 10 | 0.574/0.186
88/0.2 | 0.957/0.504 | 88 | 2.24/0.602 80 | 0.982/0.186
10/0.2 | 0.753/0.501 | 10 | 2.11/0.602 10 1.11/0.186
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