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Automatic Generation of Shogi Commentary
with a Log-linear Language Model
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Abstract: Evaluation of positions and moves provided by computer Shogi programs is widely used in watch-
ing a game of Shogi. Such evaluation information will be even more useful if it can also be given in natural
language. In this paper, we propose a model for generating Shogi commentary with two steps. First, we
predict characteristic words for an input position and then generate commentary with them and a language
model. We used only sentences about strategy for experiments. Our system was able to generate useful
comments for some positions.
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Fig. 1 Framework of our system (Practically, the system predicts words such as “Itte

(One-move)”, “Kaku (Bishop)”, “Mino”
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, and “Kakoi (Castle)”).
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HEMEE B LGtz 4T o 72, WAICH# T 5 TH A )
W ODPDHEEIZOWTOREEZER 3 IIRT.

FNDOZRT R E2ZN R D IZTHTE TS, HifEs
NLHIFELVEECTESTAZEIITE o7, ZOH

= 3 P HEE T O R

Table 3 Results of predicting discriminative words.

HEE Precision Recall F fii
RE 0.54 0.31  0.39
i 0.40 0.36  0.38
THE 0.70 0.54  0.61
b 5 0.51 0.51  0.51
T 0.23 0.18  0.20
Hegh 0.38 0.37  0.38
6 0.57 0.39  0.47
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Fig. 3 A comment not about the existing position.

74|58

He LT, REEMBFICTNSASNL RBELHFLET S
CENEZOND, 72X 3 DX BRREIIBWT
(A3 ZGHE L TERAVEERSELI/LIOD o7,
LWV axy IAALNT, MORHIZA L ZFE L TR
HENE o 2 RETH A2, TOREDOEF DOFHEH S
MO LFTHDLA3 GREERLIZFHIZONVTOF R
Thb. K TIIHBHOFHO A ZHWT WS Z & h
5, COLI)BRREIZOVWTIEL S HFEEZFHT L2 81
[ 2PN

5.3 MBRERSCAERL
EFEIC L DMF AR DOFM 24T o 72.
YEIEOXOMBEEZR 4 |[IRT. AIFFETIEIN

%, A A5

Voo (Z557) g

THEML, Th% P(en(S)) & L7z, TNZEFNDINT X —
FIEA=52, p=1285 L dns7zod, LFTiaZh
W7,

AR OFHEE LT, BLEU 227 [19] LIFEh 5 i5iE%

*4 http://leenissen.dk/fann/wp/
2014422 J 21 HT 7 2 A
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Fig. 4 Relationship between sentence length and frequency.
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W 1REHZD 1 XA E > TG ENRTwE 2 &p
5, BLEU 2271

N
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BP =
el=r/c ife<ry

P > ngram Countep(n — gram) ©)
" angram’ COUTLt(n - gTam’)

CEFLZ, SZCBPRET ELREICHT A S
HT, c BERSNIZLOHEEL, r (XM O HGEE
TdH 5. Count(n — gram’) \ZEBILH O n-gram DI,
Counteyip(n — gram) (ZAEIL & EMRFTIE 9 5 n-gram
DTH5H. l-gram 5 N-gram F Tx ¥z, TNb%k
F$ 4. BLEU A2 7130405 1 OBZHER L, LEHEHG)
LR ERLIGAEICL &b,

R E NSO BLEU 227 (N =4) 13 0.00907
&, NBIC X BHBERAEOD DR ERTE TS LT
WR RV, FIT, EREI NS BLEU A 3 7 AR
TEBYVRBEDENLDOTH S D0, ERFIZAEK S NI-fFE
FLHEMER L2, AR X BB E KT BRFH DN
S N7 250 RIS DWW, AR S N EHC OB O
BE L EOKEE E F NN 3 BB CRMIE L 7o R R A R 4
[ZRT.

ARFFRICEoTERE - GEREBITIELWERDNS
AT EREI RO 3E & o7z, 2RO 4 E
I2H72% 105 LIEE LORY ZHEATWRLH 5 IEL L
LTHED o> TWARWLTHA, JHHEDSDFERE MAE
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R4 ARSI NIEFLOER - SCEOERENE
Table 4 Accuracy of generated comments on meaning and

grammar.

RS
A B C | /Mt
pa a 73 19 53 | 145
b 6 8 35 49
Fes c 0 3 53 56
ANEF | 79 30 141 | 250
FEUR P&
AREZELLELTWS al ELWXIZh>TWad
CTHIELWH S WIFERY T
"B EIEV AWV
C:.RmEHES IR RS

b XELT—H#Y ZEE

cIXELTHEY Lo TV AR

1

£
F

55 EEER

0 ]
I

B

1D
com

I

Ul A 8RR
s EEE

HiFE i
H 0.973 | X&
Wz 00632 | & 0.633

AR KA ERE o L,

G FRAE L 220 2972,

B A Ea

Hx
ﬂ KA
+
=

5 MEREORM
Fig. 5 Position of “Both Yagura-Castle”.

DELSHETIVEARETLILENSH DL LEZOND. £
e ELEELWEEDLNDE LD E 3T%ITH 725 53 i
JRE O DR LNETH -7z, FIHICRLIZEBD
HEEZ L OF ISR SN LIZ 85 3R L, Z08k
RFHTRENBELZIELEFHTE TR nwEEZILRN
L., HEEOFIEZIM LI 28T, LY EKD) 2
TIEL WS SCOAEEDS RIS 5 EFFTE 5,

JRH OB & FERIERR S N EE 2 DTSR, F
7o, CERR L0 OIEMEEICSDOWT, K 4 OFHETH|
gL,

5T Aad /L LRETHL. % La5-7
CETHRFEVPRAWNICH) 2 EAUTITPEL, BHWIC
FRANED ) 2OMEREIFIEND. ZOREIH L,
FBERECTHDLEN) TPV TEBY, IELLERTSE
Twhewnwzhb, LPLBLEU A7 %2E25E, —57
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Fig. 6 Position of “Gokigen Central Rook”.

L0 [RAE] & [l OATHY 2-gram L LO—3IR
SNy, Z072% BLEU A 2 712 X 5 i CldIEH 12
BWVFEE 2> CLE ).

B 6 (3T T %7 > hREL & I 5 ik 2 3R L 72
RHTH 5. % BILERMICE 2 HESENE [T/ F
Fro/ ) RE] THDH., ZORmICHL, TFS U H
REUC DD LHFETH L [T] 22Nk ) IEWETHE
FETETWD., ARSNZLE [TF7 U hRE] v
—HEOHER LN TE TR, ZHEEVWT L —XI
BT DHMEBIARELTWEI LI EE2Z NG, FE
AR X DA G & N7z STTERIZERIN L 72 F o428
TIXRFURREE LRI THLE L) 2 LT, 0
HMEICIZLTWA, e L TAEROKE % BLEU
T L L9 & 95L&, EREINZ B VEFETRS D Rz
DIZFDAITIIEL o TLEH. AP DT7fEHC
IR DOBHILDOA TR T 7 U HFHATELVLDT
HLD, FOLDIILERDIEHRELTEFDOTEFHNVSIC
S R WITRESED D 5 .

X7 3BTFP 4 TFHIII=ZALAT EX-RETH
L, BFEIIOB 24 FHIZEEX 1 —ICBEIL, REEHY
ANEWDP o7z, REEHWVIZEDN 1 —2 EMIZH Y ZFDHD
WD TE LTI Z L 21T 2 OBUR I3 RAEH &
FWbZwads, % EAS - RHREATREEN L h VR T
VeV BRI L TwA . ZIUIEFEO L9
BIED SIXRREFIVAN & 00 &0 ) HEk & B
BT BT ERTETVLENVR D,

X 8 3BT AASNAEL LARETHS. ZORIMHIZ
FEWENHEE LRI TR L, 2L O EERL T
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Fig. 7 Position of “W33B”.

a9

2l

g

ERII

Cam»

=11

2

55

&

I

S
B\

i

FAS

EHEER B K EERAES
HEE fiE HEE fE
1 1 H72 0.783
MHE 0594 | #H  0.569

AR —F A b o,
R : N TIEX S U PIREDFHREME LR < Ae o Tz,
B :CXE:b

8 ABIIAEDJFIM
Fig. 8 Position of “W84P”.
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