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Fig. 2 Example of similar pose
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Fig. 3 Building method for a 3-D occupancy grid
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Fig. 4 Pose estimation results
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a) Wrong pose (Model point�633; Score=179)

b) Correct pose (Model point�655; Score=295)
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Fig. 5 Result of Pose-similarity search
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Fig. 7 Manipulator occupancy model and grasping points
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Fig. 8 Matching results using graspability information
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