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Textbook Page Recognition for self-study in distance learning

MASAHIRO IMAIT! MASAYUKI ARAT!

The learners who do self-study by using Textbooks are likely to leave the problems they can’t understand and often give up studying
since the incomprehensibility leads to a decrease in motivation. This is still a problem in the field of education. In existing common
learning system, the learners choose subjects or course units and watch videos of the lectures. This method doesn’t offer a solution
for the problems which each individual learner has. We therefore propose a new system. When users take and send a picture of the
page of study materials, this system provides useful contents immediately by identifying the problem in the page using image
recognition. For the image recognition, we use the specific object recognition of "Bug Of Features" and a classifier performed
machine learning by using information from posture estimation of the picture. We conducted an examination on 11,935 pages from

100 Textbooks and achieved 94.7% recognition rate and about 2.7 seconds of processing time.
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