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2. Deep Neural Network
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(Z DNN O EIIREE T~ 7223, UT4E DNN 2 2RA9IC
FETHEOOTNNIY XLPREINTEY, EE (3
B [B] 72 EDOEKRITTT — F ORI - FHESE TR W
THBWERREN TS, Hinton 5%, DNN O%JE%
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GO CRREYEM: & TS (fine-tuning) %17
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DNN Z W CTHBETE & FRak 21T > TV D ke L L
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L3 ANTIE LTDNN 252 S5 2L Ty FE—
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FEOMBER L L CMEE OV EREECIIRME NS L < Wiseh 1ol sommm] 1
BEFLCLEY ARDD. ZoMEHTS T Fu—F - S
L LTERUADE S )T (BRI 5~ L FE— é S—
FAGFERBARE SN TEY, BICRETE & B A ; ==
Iyt - R B R O D BTN D, A am—
BFSE ORI 3 P 2Rk O RS S T A A R IE T ¥ )
Hifg - SRS EOFEH ICBW R ESREOHT- 2 F n |a(t)‘ a(t+1) ‘---|a(t+10)|
B E U CRERIR T E 038 THER 289 T 5 Deep [ BER& | MEAYSE
Neural Network (DNN) Z IV CIgHifGd KX OHEE &~ e
DGR MR A B Lo T 2 - A BiE. X 1 ERSEEOFE M2 SESMEOEY

HVI R BEOFE 21T > T\ D. T 7 7y MR
F B BN ERT, ~ /LT A USRI R
WCHERRRIRR 2 W CHEET V7 7 Xy b OB Z4T
W, O FEE AR TRZEL LOBRIGE RS S Z &
ZaRLTWA., UL, FEEZERCHEERGEMRI L T
WD TZDIZFRRIC B W TRERIND N Y NER SN TE
59, RUVHEGELHGS 7~ OIS A AR o8>
W T ORI THhILTW RV, AIFZETiE, DNNIZ LY
FE LR E AR~ L 2 7 7L (Hidden Markov
Model: HMM) ~D A7 v b U TR EITI 2 &
TEDRERHEFEYL Y N CORMBKEE L RIET 5.
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4.1 BHFAHAZ=1—TIL3Y ML IEBRFHEDFE

R R R O BN VLB RERR S B W C RIS B & 3k
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DRERINZ ATV D, PIRERIZIB D TT N TOFEE
TR e —ETEET DL, EEOEVICEEEZITS
T DICREFRRME T L TWeka®d, RIFETCIIEESE &
Xy =2 BRI LD L L.
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M IR 7 SR E 2 T E T 572012 2 1TR
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g « FESBEERAET OO TF AN —4
HMM ZFHL7=. <=5 R Y —2x HMM 1%, HMM
DA EEEDA Y — 25T, HA B —AICHE
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AWML TIE, PBERE FERICFIHT 5729 DNN
Z =l « SRR E O E TR OV TREE L 2.
R RIS OV TCIE, PCA 52~ DCNN T8 L
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