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Plot Classification Method Using Contextual Coherence
for Review Sentences
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Abstract: Users can write and read reviews of items easily on many Internet shopping sites. Reviews on
items like novels and movies can include spoilers (undesired plot descriptions) along with the opinions of the
review authors. It is an issue that spoilers might reduce a delight in reading novels and watching movies.
Therefore, we try to detect and eliminate spoilers by sentence. In this paper, our target is utilization of
contextual coherence that is originally embedded in a review document and makes readers to understand the
content easier. We propose a plot classification method using the document structure and the information
of multiple classes in reviews. Experimental results show that using position information of a sentence and
context information contributes to the improvement of classification results. In addition, a user study shows
the proposed method can remove spoilers without removing useful sentences.
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I learned about Tasha Alexander’s book from a list I’'m on,

and went to her website to read the first chapter.

She has created a wonderful world filled with the most
charming, fascinating people.

It was so delightful, I decided I'd splurge and buy it.
This is one book I know I’'m going to re-read.

Some of the other reviews say she is going to write a sequel,

I sure hope they’re right.
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Table 1 The details of the dataset in each category.

a3vs Ui DVD

HEER 6,414 6,334 6,966

HEEE (W3R 2 \m2LLE) 3,603 3,539 3,761
HLTLTHLLDOK 1,523 1,602 1,357
HHLFTLTHEVLOHK 3,484 3,225 3,445
BHRTHELO 2,770 2,567 3,065
BRTHRVWIOHK 2,237 2,260 1,737

CERZL, BEMT—% 2El L7z, & 112, HFEH, I
BRI 1 HOb DEBRW/-HFER, 5T L THLULD
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HETH L.
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® 2 NONMEEXOHDH (HFF 5 30)
Table 2 An example of sentence location number (The number

of sentences in the review is five).

fifE  CONE

1 3H 1Ilearned about Tasha Alexander’s ...

2 XH  She has created a wonderful world ...

3 XH It was so delightful, I decided I'd ...

2 XH  This is one book I know I'm going to ...

1 3XH  Some of the other reviews say she is ...

5.1 fIEIFH - XHIBEROFEDRE

LEa—offE (MEER) &L Ea—HFPOLD
B CUBE®R) ICERL, 57 L LOBREEMET 5.
LONE E LD AEZLICH B TS, K21, HHLHE
2B BB LOME L TOBDOB % RT. %%i’&ﬁb
b, LEa—0kind LAETRmOEWE»SMCH
oS [XOfE] THADH. /2, LE2—2KO LD
k] 95, MULE2—CEPTIRTTOILIC
W UCH UG &SN D . ZoBITIE, §XTOXLITH
LT, XHELTHEHFPEGENRTWES

4BEDOT =51y NHOTRTOLIIOWT, (ElEH
BRI, SMEICET XTI, T
DVE2—NHFIBETHLIT LI, 5T LTHLHILDE
GrRAL.

M1lZLEa—YEOUOKITEOLDONELEH ST L
ThHXDOEEERT. il 77705, 5T LTHS
YOEEEELRLTVD, ZORDNS, XOMEIKE NI
E, BT ULEEART W b, T2, LE2—
LEOLDOBII b 6T, XOMEZTLDHLTLTH
LHXDEENZIZF UEE L2 05, LOMEDRD S
FTUTHDLLDEEGITTEVWEE N 2o TWAZ &g h
L., FLT, LEL—UEOVLOENP DRI ELDONE
PENWDD L DEET 2V ENS, L 2—-EOLDOK
BB NIEHLT L THIEGVLHRNWESL ) L) T
ML, Z0ROLE2—DOXEEHST L THLILD
ATV EEN R o TWA I EGHh 5. L, &
DFERIILOME I X D ERRNIERTH Y, CF
WEMEHFREFBICHCLZLRIANTEVEEbR
b, XOMEE VY2 - EMVICHAE LR ET
[ZRT.

X 2 I XOMNEEDHLTLTHLLOEEOEKRE R
F. LE2—0 IS WAE L L Y 2 — 0O Pl iE i
BEEXRT2 82T 5. XBPHFETH Y oo
BELLICHEVEIRRVZAZVWAOBRINLTEE L TW
5. ZOMTIE, EMEICET 2 XOMEEERET T 7 TR
LTwa., il r7 725, 530 THLrLOEEEER
LTwa., il r 7 708468 L) THLH I enrb, L
Ya—0Lige Timn b 2EricErnTtwniii L,
HoTLEEARTVWIENG 0, T2, Lo
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Fig. 1 The ratio of plot sentences in each sentence location.
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Fig. 2 The ratio of plot sentences in each sentence location

when dividing the location to upper place and lower

place.
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Fig. 3 The ratio of plot sentences according to the number of

sentences in the review.
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RERT. HEPEL 2 —HFEPOXHTHL. BT 7
7, HEXFOLVE - THL. Tin#s 7 775,
FEXBOLE2—LHEIBTHLDHI L, H5TLTH5D
YOEETHD. T I IHAER L) THDHZ Lh
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x®3 WRITLDHoH T LEE

Table 3 The ratio of plot sentences in each context pattern.

iR 13X »HHTL HH | mic2X HHTL HH
ING — HE mE | Ny = H A [m1%k
TTXTT 94% 591
FTXTT 84% 115
TXT 90% 916
TTXTF 81% 162
FTXTF 79% 48
TTXFT 69% 64
TEXTT 67% 54
TEXTF 52% 42
TXF FTXFT 55% 38
or 50% 786
FXT FFXTT 50% 145
TTXFF 51% 219
FFXTF 42% 106
FTXFF 38% 118
TFXFT 27% 30
TFXFF 16% 161
FXF 9% 1,209
FFXFT 15% 110
FFXFF 7% 998

EDOBEENE NS G0l INHDT ENL, K
e THRET 2H 5§ LHEFETIE, LEFEREFIHT
B BEMAE CREER ST AT, XEPFHT
HYpoPROTIIMEE L, LY 2—D i, S ofEx
BHLMAGTAZLICT 5.

5.2 MAKEROFIBDRAE

FHTA2LOHHOXOHET LS LS (URER) 12
HHL, HETL2X0H5F L LORELHAET L. B
L, FEHT A2 XX DHifRD 1 LFEF 2025 5
FTUEE2EZHRD. H6FT L Tho/ix T LKL,
HOTUThhrol % F LET. mifsl XT3 2
DFRTONY =2 T8, FAXXPHLT L THLHE
BERR5%.

RIIHERZRT. iIE 1 X EICHETLTHD
EE, ONE V) BWEIET, HHXIEHHLTLTHA.
WIS, A1 XL ICHET L TR LE 2iE, EH
WHLTLTHAHEEIDIT L I%NTHL., 2O &n
5, EHXOH#% 1 3L, HEHXA S 5T U125
WELTWLI LDy h5E. T2, Hik2 2HOI S 5
FTLAEL2D, Hith 1 2HOLICHRTH 00, i#H
XDH ST UENENICEELTVD,

DiE&b, witk2 3 (Fifk 1 3CH &Hith 2 CHOTWH)
WL THOLT LHERZI T2 X IEONHLT LD
LEDAaT7EFHTAZ LT, HHXDOH 5T LHED
WENHETAEEZOND.

5.3 77 XADEGICETIRE
EREDHSTUDE L TICBEL LIZ Wy ) g T
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INER DVD
M Plot

M Both
M Opinion

M Neither

M4 59 L EEIOBR
Fig. 4 The relationship among plot and opinion in one sen-

tence.

L. FrDF—Fty MCIE, EXICHLTUhENE,
ERPENMIET LTI TnWD, F—=F -ty b
DTRTOLIZKHLT, 5T LITNVDOARFVTWD D
D (Plot), BRI XVOHFFVT% b D (Opinion), T
TOTNXUHBPF T WAE LD (Both), ¥H5DT N
W TWZawnd o (Neither) DFEHFH~N, 7=ty b
DFRTOLNS T 2EEE KD S,

B, MHDIXVPHFNTHELDDEEZHITS L,
“I could never forget that they had known each other a
matter of days when they were overcome with love.” 7%
L, ZOXTE, ENLNHEVEVIEREZONFED
MAEREINTVE, /2, EELDT NS TW
W& 1T 5 &, “The author of this book was born in
Florida.” %% 4. {E&2570) ¥MHHTHLH LWV IR
BIMFEIEPN TN D,

K412, 5T LLEADOEKREZRT. Both DFIAIT
EDOHTITNIZBNTH W0RTFTHE. DI Ehb,
LE2—IZBVWTERLD ST UIIRLZ LIIEDINL D
EWGHNZ NS A,. LoT, BROLEZHEL, #
DAATHFHTH LT, 5T UHEDKEL I LT
LRk d % .

6. BEFE
6.1 N—XZ 1> DM

ABFFETIE, b BEOPARRICED X, SEBTME ] 2
N=2+L LT, La—EOLEMELER 2 7 A0
WEANTHOT LHEFELRET L. 9, BALL
B AT OTE (LIEN—2F 4 >~ (Baseline)) OF:AMl
IR 5, 3.1 B TR OERN L EFEEZ R L
0, EEEIZIZW OO LEEIT> TV D TENRIZDON
THWT D, ZOLRET>LDER=ATA4 2T 5,

5-(a) IZN—=ZAF 4 L I2BWT, H5T Loz
HL, Ll Ca—%Ed5 T UrENICHET 582
RANT. REZETIE, Z0d6H T UasHms (BRI, URIE
WwEeFIHT 256 L ERHEZFHT 256 THW 558
) o [3RD ST UM (A)] L,

N—=ZF 14 T, bag-of-words THRIHSIN/2L L ZD
HOHT LT A2 INVERHCWT, KD 55 Lo
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(@) R—RS1>

LE2A—XD&EE

lbag—of—words

(b) LIEFHLFIAT H5E

LE2A—XD&EE

bag-of-words
l HMEERT S

Ex. PositionTop = 3

LEa1—Xx® B ERITE
bag-of-words bag-of-words
‘ 2= .v I =2 & (Naive Bayes, SVM)
HEAHTL EXHoTL
78RR (A) 534885 (B)
$ ¥
BoFLELE
(c) XARTESREFIAT 5158 (d) ERDEEFRT 56
LEa—X
DNEE
EABHLTLHEES HEERXHoTL
((A)FEF=IX(B)) ¥R BER SR
‘ — ((A)FET=IE(B))
59 L
BoFT | phe ¥ ¥
HoICl bl S s ==
STt | pogLoL || BRSLE
sLE |®dbIL
bLE
Logistic[El&@ Logistic[E] )&
XARFIAIZES ERFAICKS
HoTLnEz HodLniER
¥ A 4

5 N—274 ¥ ERFEFHEOMHOTEN
Fig. 5 The process flows of the baseline and the proposed
method.

(A) 25845, ZLT, ZOHEDSTUoHE (A) %
T, REOZLIEHLT UL LEEZRTAITHRE 22,
WM O TV T X L0E, JeATFZE (1) T HE e
% 71 L 72 Naive Bayes [13] & SVM [14] & w27z,

72, JATIIGE (1] OFFERT, N B AW, &
B4, EALZOMASG) LIFAE (HAFEDOTAT
L LB L 2 WA O HER) O—fkitsd 55 UHlE
WCEMTH DI W50 Tnb, ALRHARL, g
HFTHDL DLV, L DTATLDOLE 2—X
FICHH L 2w, 20720, HBELALREAEL T
FEHRML LTHCTD, oscdEd oo Ic 5k L
mw, 22T, HASHELEIZLY, Thb % (character)
% (peculiar) D& ) % ¥ 7 T—ffbs6 2 LIk D, £<
DL THMBEFEEIC RS LT

NG RFARED — AL DFEMNIFATIIE (1] IR SN T
Wh, TCTRTEOMEL Z0HEEIZOW TR
T 5H. NGO—HALIZOoWTIE, KEEZHER D A%
T = R=APo—fiFExBRnwizbor NG ERE LT,
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x4 AR ORE, R
Table 4 The precision and recall of the human name extrac-

tion.

a3Iv2z  JhFL DVD
TR 0.945 0.967  1.000
TRHER 0.520 0.492  0.786

¥ 72, Amazon.com FDOT A T L DN LITHIH L 72 A%
BRGNS E Lz, FEEA L EEXAE Amazon.com D
TAT ADREINR—TVHFICHERE o 2B THEPLN TV D72
W, 7= by Fr ST L. BEEO KL
IZOWTUE, BHOTAT2ICH T VKR A%
KTy I CEERAZLZETHRILE T2, EO—HkAL
WCBWTHEREB I T5 2 & BFRICIEMENZ
WS, EREO AGIHICIE R STRI ) 9 5. hER S
X, NGT— 9 R=ZZHW->TnWb AT, ZNh—f%
EELTOHwWsNRAbDTHNIE, NBE LTI
LWL THL, FITT, NBIMIPITHT 2R L FHE
AR AIVTRY. EOH T TVIIBWTDH 100%L VR AS
BONTWLY, BHERIZNILDIFELS R ->TW5,

6.2 REFEDFHM

REFEEIN—AT AL 12, MR, SOREH, B
DERZ 7 AT 51EHmE VT, s zRbLD
DTH5H. FHEETIE, Lo 4 BEOERSENZE
n, ENIEHERBEOR EICES T 02WN5b. 0
720, TNENEEINCHVEGAETOFEEDIT).

B 5-(b) I EEHRE AV 5560, 563 CHEDH
MERT. BETETIE, HELnwE 2 DOHEER L
EERERNC, H5TULLIEZHETLODET
VEFRST L, COETIVEERERS LT Lo (B) L
A (ConfEd, DRBECTUIREREFAMAT 256 L E]
HEZFHT ALETHNS)., FEOFEMEID TN LY
THAh. L% bag-of-words THEIL, &5 EIEHZ I
hEHRELTGENT A, 2821, FHIA LY -0
Fiir s 3 WHOYE, PositionTop =3 &\ ) FHA
HaENns., XOMEIZKE L %2513 EFEERIBHA L Tn
{ 72 binning #4779 . ALE 11 PLEIEAE 11 & BT,
Z D1k, Naive Bayes ¥ 7213 SVM 12 & 1) B8 2179 .
ERT =513, 53T CICHTAHINLVTHL. TNIZL
DEARD S UonEs (B) BMEEINS.

B 5-(c) ICXRIEHE V560, 5T LHEO®R
BART. EHXL 20014 2 X%, £KD ST Lok
(A) T2 B) 2T, 53T LHLEDAATZRD L.
HEEHERIINZ URIERO AL E1E, EAHLT L
SEER (A) 2 VA, HEREHIIINA, (LEEH S SORTE
Wax AV EEAE, RS 5TU0HEE B) 2 HwE. 2
NTEO0HLTULLLEDAATHELENED, ZTi1Lh
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[ RFIHICE 2563 UalEes] 12T, mkin
HLTULLLEDRATERDL, 22T, XRFAMIC L
55T UAHBOMERETH LA, TIUTHIHE
LTELNZ20HLTUELLEOAATEFALDDH
59 LIZBIT 5 1EMF T ~NIL 22 5 Logistic BUFIZ & ) 52383
b, ZOT—=51%, EEADLT UHHEBRTHETLDICH
WEEBR T LRBNICHELTBL (F=F 1 MoE
OFNE 71 HTHHAT ).

X 5-(d) ICERIEHRE W 235E805 53 CHE 0
AT, CHELWL R, BRSO T UaHdR (A) 720
B)I2HF, H5TLLLEDATT %k b, HiEHHR
CIMAEREROAHCEEGEL, E2KH 5T Uofdt
(A) V5. HEEE#RICNZ, MEEHhe ERNERE H
WBEAE, ERSH ST U0 (B) v HwA. 2, &
RO H 2T, MRS LEDAaT7LRDL, 22T
BERAEGR L, XEBERPEPIHANTL2ET VTS,
C DO )THETH HHY, W% bag-of-words THIL
L, #H7—%5+y bOERICET AT~V %& v TR
FUT D, 72770, MEHERIIEOAT v, EWEEO
TV T AL, Naive Bayes 7212 SVM = v 5.

HHTULLILEBERLLED2DODAAT 215573,
Ihx [BERFIHICL 25563 Do) 220, &i&W
LHOLTUELLEDAATERD L, 22T, BRAAAIC
$2H56 T URBEEOMERETH LD, THITHEHFNITH
ELTELNEZHOLTULLLEDAATEBERLLEDA
a7 EFOTDOH LT LICET A IEMT NI A 5 Logistic
MFICEYVFRT L., CoT7—51%, ERKS LT Lo
ABETLIOICH VR T 5 LHICHEL TBL
(F—%ty MrEIOFEME 71 HiTHITS). TITH
R LEDRAaT7EHLTELLEDRAATIE, M—D7
NWIT)ALhLEHENDERMHT L. 22 21E, &
5T UL LEDRAITEBIZSVM 2HT 244, BER
LHLEOAITEMIZY SVM 2§ 5.

W, XREMEER 2 9 2A0BHEM S & SR
LYEDFEREFFIIOWTHERD, B, 7TETIT) Ebx
TiE, BRI 7 2DOHEHREFALTLH 5T CHEDOHRE
WAL LZehoizlzd, ZOMEEDOERIIIT-> TRV,
YIRTEHREFIHT 2 &, 5AKH 55 Lokt (A) £
(B) 2k, HMHXLFHZ2LDOHLT UL LEIDAT
TR NL. 72, BRHEZFIHT L L, BHXOE
BOELEDRAaT7IESNL., TNH620DAITEHS
T LI A1 T NV 5 Logistic [HUF I X 0, iy
MR FET b,

7. REFEOFHM

ARETIE, 6 ETHMLIRETEOHMZET). ViE
15, CIREH, ZRHAEZAP LA L LEwga,
FFENLOMERICONT, ENZITORNEDH DD
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TIN5,

7.1 FEEMHLFHERE
10 35 # Mg (ten-fold cross validation) [17] THE
izdT-o72. 72720, REFETIIFET 2080 FE
MICHEAEST D720, 7= % 3 21208 5 &I 228 7%
BOEZRAT) T &I L7z 3Ke 6§ Ul & BRI ESE
R B DIE ) 728 D learning set (10 0Ed o 8 O
AHWD), XRFAMICL2H 54 Lo & ERAMIC
£2H06 7 Lo THEET 50129 729 O validation
set (10 7EFD 1 2% flv5), REICFHIEIT) 729
D test set (10 3EHD 1 2% HNE) THAH. 10 45EH%
EMEIBIT AT OFEIT AT LB TITH . Th
X, A—DLEa—, {—DTAFLNDLE 2 —HFH
F— ¥ LEHIiT — ¥ OWHICFEEICHBT 52 L 2B 7
HTHA.
LEBEDFFEIZONWT, X YEEICHMT L. 7,
learning set L HH T LDERTI NV EFEEH -5 L LT
HAD ST UHHREY, learning set & E RO IEfF T~
RFET— 5 L L CEASEGEEET 5. RIS, 20k
AKd S UsEes & B9 % H\VC, validation set &
test set (ICHOHT LAITEERAIT2NET L., 20
%, 5T LAa7 LERA T %fH5 &7 validation
set EHLTUDIEMRTI NNV %22 7T— 5 & L CTUIRFIA
L2 Lot BRAMICE 25563 Lakiat
B 2. Wfpls, WIRFIHICE 25 54 UosEes, b L
CWERFIBICE 2D 57 UadEir HWT, test set 12
WD OT LRI T 259 5. test set D ikl
HOTLRAITICLDHENH ST LOIEMRET & —3
LTV L PEDLTHEEOERE T 5.
—FEZFRBIRIEIC BT, R T— 7 I E TS 1
BB 2N HDL. RTIRLILDIZ, BoNhk
FRF—5IIBVTE, 5T LOT DB od
BV, ZDX D BT = A0, BT30S
ncwas (18]
o LhWT—IHEFEOIIAEF =N TY LT L
TL)—HDIFIADT =5 HITEbLEL.
o G F—IHEEHEOIVIAEY T T) LT
I—=HDU I ADTF =5 HIZEbE 5.
o —JiDUIAEMMLT, b)—TDI T A% HIN—
580 HN 2 EST 5.
BAaPEDTF—FLy ML, HLIBREOREEDT—
SEEHFODT, 2FHOT =42 T7H 7Y 7555
FHEERAW. B, 7ANF— 712X 5 HlEE o
&, 77 T T o TwW i,
F 2RI, BMEEE OMREIT VB R (RIEICH)
M3 28Oy A X) 1MKFT 5. 22T, WK% 100
25 2,000 i, &L CTEUBORAMEE TEILIET
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0.80 0.80 0.80
0.78 0.78 - 0.78
0.76 - 0.76 - 0.76
0.74 4 0.74 - 0.74 ——Baseline
’-_-;0.72 B 7_6-“0.72 ‘:;0.72 (Naive Bayes)
2070 2070 5 2070 ~-Position
2 oes g oes 2 068 (Naive Bayes)
0.66 0.66 0.66 - —#—Baseline (SVM)
0.64 0.64 0.64 /o~
0.62 0.62 0.62 o/ =>Position (SVM)
0.60 — — —— 1 0.60 —— T T—T—T—T— 0.60
888888888883 888888888828 zx
"“‘"“"”Sﬁiﬁﬁﬁg ””"wwaﬁiﬁﬁﬁg
(a)3zvy (b) 2R
6 FEMHAELSELLEDF HEOEL
Fig. 6 The change of F-value when changing the number of attributes.
Rl 24T o 72, RMEFUE, 100-1,000 8 £ TiE 100 i B & x5 Jwili s FEEH (Naive Bayes)

(2, 1,000-2,000 18 £ Tix 200 B &2V 9 2 FEMEKE
AL STz, OB, FEICHW S HEEE, Glover 5 DT
19 15V, 5T LD TV L O EHRE D IIE
IR L7z F72, =%ty M, HBREA L ELA»
b old, TOMEGEHREICL ST, Fe L TUIRH
LAanE &1z L7z, SeAihige (1] 25, FHERDT 100-2,000
& %12 Naive Bayes &£ SVGM O EH L E—27 2l 2
BT LN o TWAED, ZOHFEFEMICSNT 2
Lzl

AR CTHM L5 DOZEHETIVT) ALE, F—5~A
= Y= Weka* & [T b, SVM IS — b
ZHWTEBY, /T X —% C (complexity constant) 13 1
T# %. Logistic GO ANEIZOWTHMHT S, 2a7
DFEBR T )V T1) X L% Naive Bayes DH541%, Naive Bayes
DR Z VTV E. 025 1 DHFHOEZ 5. A
TOFEERT VT X LD SVM OB 4%, SVM DI
Logistic [M/#E TNV AT 5 Z & THM L -4
WTWh, 055 1 OHFAOHEE L 5.

F70, FHMEREEL LT, 53 L ThLELOHEITTT
A FEx WS, FAE (F-Value) \3¥5% (Precision) &
I (Recall) OFFIFHICEI Y EH SN LIHETH D
IEREVE & M DR A R EF M OISR S s REET
H5b.

7.2 FMUBIEDERER

EHTTVIIBVTHEERE LS 7L 2 OFEREE
ZRY. RETIE, N—2 541 Y OFE:% Baseline, i
TEH &5 L7234 % Position & il d 5.

X 6 (2, 87 )L T1) X L2 Naive Bayes & H\W 72354
DEEBFER L SVM 2 W25 & DEBRER 2R, &
FHEIZBW TR D BV FIEOF M % i 7 0 &R
ZLIZT A F5, R6IIKETIVITY XL DR R FME

*1 http://www.cs.waikato.ac.nz/ml/weka/
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Table 5 The appropriate number of attributes for Naive Bayes.

a3Iv s JhEL DVD
Baseline 1,200 1,400 1,600
Position 800 1,600 1,200

® 6 JEnFEME (SVM)
Table 6 The appropriate number of attributes for SVM.

I3Ivy  JhEL DVD
Baseline 800 800 400
Position 600 600 800

BERT. B6 »5505A L 912, Naive Bayes TIHHLHY
W EEE 75 TWA 1,000 205 2,000 DFEHHR, SVM
THEHEWFEE 225 T 400 55 1,000 O FE
O, FOERBTHEEL TCRALE 22, FEBOIERE
% (FIEOE S DNEFE) BSANED S Z i3 ETVRW,
T/, KFEORELFEER TR L ZOIEFBERE b —
HLTWb., 2070, DREOFERTIE, VEEHRE M5
TAHEE LRWHEZNENT, &7 T Otz #
HEE T, UREHROFIH & B EOFH O R 1%
ERETHILICT S,

DVD #7352 E%%47). DVDAT7ITJDOF
EAMEDH 7 T L TRV O, HEWLERNTH .
1 oHOZERIE, 3 NOFHIiE OHED—FHE; MO 7 7
TN ENENZ ETHD, HEO—FEIME &) T L
X, HERHEEZ SIS VE WD Z L2 EET S, 20H
DEHIE, DVD AT TV DH LT LY T ADERR (57—
Sy NHOTRTOXLDIH, HHT L7 T AD W
XOEE) KL (R1EBH), 75 LHETOFED
DA FT) ENERNWZ ETHD, T ¥ LHEER,
CTIRHBIMDELGED R WFEE LT, FX541LH
L3 UENEHETLTHEOILERT. TOFHI
BWTC, 23y, /NG, DVD O FHiZFhF10.378,
0.399, 0.361 £ 5. 32HOZKWIE, DVDAT7IT) Ddh

-
[
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0.82
0.81
0.80
0.79
0.78 -
0.77 -+
0.76
5 0.75 -
£073 |
% 0.72 +
0.71 -
0.70 -
0.69 -
0.68 -
0.67 -
0.66 -
0.65 -

M Baseline
M Position
m Context
H Opinion

W Position +Context

asvy INER DVD

7 REFLEOSHSTLHED FE (Naive Bayes)
Fig. 7 The F-value of the baseline and the proposed method

in Naive Bayes.

0.78
0.77
0.76
0.75
0.74 -
0.73
0.72 4
= 0.71
= 0% ]
ﬂu!f 0.68 -
0.67 -
0.66 -
0.65 -
0.64 -
0.63 -
0.62 -
0.61 -

M Baseline
M Position
m Context
W Opinion

M Position +Context

a3vy INER DVD

8 RETHEOHSHT LHED FE (SVM)
Fig. 8 The F-value of the baseline and the proposed method
in SVM.

53 L2 I ADEREMENTD, 77 72k
NHEESNLFET - OENLZ VO THDL. B, 1
DHOBERIZH T2 HEO—HEOK S L, ZO55HME
OELIERTLEDIT, EFT—% L L TCOREEENK
EHRLTWAE,. L7zd5> T, DVD 7 I OIEE D
ilc2nCid, for 7T L0 HEFEEIPCHDL L
DEETLILEDND 5.

7.3 REFEDEIME

WEOHEERE L TIERR & SURE®RE v, it
I 2AD1ERE L TERHEDK R R L72HEIC, 5
T LHEDHERED ENZTIN LT 5D 25, KEHiT
1, EEHRE S LA % Position, SUIRTEHRZFIH L
72%i6 % Context, EHMZE%FIH L7234 % Opinion &
FET 5. F72, MERNERE KRGO T %2 FH L7
&% Position+Context & 3Kil 3 5. Context [EH 5 D (c)
THARD LT U (A) 2 HW5846THH, Opinion
35 D (d) THEARD ST Lo (A) 2 HWL256TH
1), Position+Context (XX 5 O (c) THAD b3 Ui
(B) #2565 TH 5.

7, 8 12, #8 7 ) T X L2 Naive Bayes % H\»
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® 7 F - KE - BH%E (Naive Bayes)
Table 7 The F-value, precision and recall of the plot classifi-

cation in Naive Bayes.

(a) 23Iv 7
. . . Position
Baseline  Position Context  Opinion
+Context
F fii 0.76 0.77 0.78 0.76 0.78
FhRE 0.77 0.78 0.80 0.79 0.80
B 0.75 0.77 0.76 0.73 0.77
(b) /i
Position
Baseline Position Context  Opinion
+Context
F i 0.78 0.79 0.80 0.78 0.80
il 3 0.80 0.79 0.82 0.81 0.82
TRBiE 0.76 0.79 0.77 0.74 0.78
(c) DVD
Position
Baseline  Position Context  Opinion
+Context
F fif 0.67 0.69 0.70 0.66 0.71
il 3 0.69 0.71 0.75 0.72 0.75
B 0.65 0.68 0.65 0.61 0.67

*® 8 F - L - m3ER (SVM)
Table 8 The F-value, precision and recall of the plot classifi-
cation in SVM.

(a) a3Iv 72
Position
Baseline  Position Context  Opinion
+Context
F i 0.72 0.73 0.74 0.72 0.74
il 3 0.69 0.69 0.76 0.74 0.76
IR 0.75 0.77 0.71 0.69 0.73
(b) /Mt
Position
Baseline  Position Context  Opinion
+Context
F il 0.76 0.77 0.78 0.75 0.78
bi 13 0.74 0.73 0.80 0.78 0.79
B 0.77 0.80 0.75 0.73 0.76
(c) DVD
Position
Baseline  Position  Context  Opinion
+Context
F 1l 0.64 0.66 0.67 0.62 0.66
KB 0.59 0.60 0.73 0.69 0.70
SIS 0.70 0.74 0.62 0.56 0.62

7oA DEBAER L, SVM & H W 72356 O F2 5 £ % R
9. &R 7, & 812, Naive Bayes # iV 723560 F 1 - K
J - BEIERE ) SVM WA 0 FAE - FE - Bl
RY. EB5DOT VT XLIZBWTH, Baseline &
LT, MEGRES LS a L, RS2 R L72ge
2, &7 ) THERED M E L7z, t g (—3 oA
2 X B ORE) & HTEMEIC L o TRIES N 2N
FNOFHIZHN L TITH . FOiEF, Baseline-Position [,
Baseline-Context [, Baseline-Position+Context fiji%, 4

7T CHERBESEEICNE L (p<0.05). 72,

20
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B TEHRON G- & SRTEMO R OIS %2 47 > 7255877,
7 T TROHEREDNIES 2oz, —HT, BERH
ML TOHERERINEL 2P o720 BErs, L
Yo —CEOEM ((LEREHS, SORMEHR) 2FHT2
2T, S5 LOHERBEDNIN LT L Z LD o,

74 BRAUEOFBICOVWTODER

COFTIE, BERAEEZFALTHHEREESm L%
w@m%%%#&ﬁé.%@t 12, BRAEICL - TH
HWENZATTOMNbYIZ, BARNPEIDPDOTNV (HH
DIEfRT—%) #FHLTHOT UHEER T/, 2% D
HROLLEORZAAT2ERTHLLAEIZL, BERATRVY
Ao L, BRHAEZOMH L AEOFEEZHNTHE %
179 . ZO#ER, Naive Bayes IZBIFA FEIZa I v 78
0.779, /NHAT0.796, DVD #80.705 £ %2 1), BRI~V %
FALED ST CHEIRN=Z2F 4~ X0 b HEREDH
L7,

COFRERNS, FEXFERIPEINPEHSTEE) D
ZHIMTT A BWERTH o2V b, 2Ih6, ERH
FEOFIHDH 5T CHEIZHEN TP o 7201%, 5 RE
EDREDH O CHEIHG ST 5 Thro
TembeEZONL. UL, RUFETHW-ERHEIC
BT, Naive Bayes TOERIIAT 5 FEIE, 23 v 7
750.822, /INiiAS0.820, DVD 250.830 & 2o T3, Z
NHIE, EEZEOZ R HEORSE L L TERWbIT Tl
v, 2FD, BT UHEICERERFAT 572012
i, BRHAEPIFFICEVBETRTNEIZR S 2w &8
AhAH, ZOZ s, EERATERNETH 5T LHE
DREFEM FICHWA DI L WEWR B,

7.5 HEREEER
BEREERRIC LY, REFEICL o Tspoiler (A b —
V=T 5B TH Y, =AY 72< Lo 725ik)
WEORERE SN, FH%C (EmiEA OB ERRE
ZO%BHL) BEDHRELRIRTE TV A eif L.
WHd 5 FHL, IREFE, X—27 4 v, BRFERFE,
T LAFFEDAOTH A, HAFRFEL, BRHAEI
Lo TEREHESINILEERTETFLETHL. 705
LFFL, EWRT LB, —EEETIEL, TR
EEAL S CEMET 5 T CH 5. WEEEERICHAHT S
T=FYy MINHATT)DE T 2 LITEAL 10
DTATLERVD., HEBEEITATHY, LE2—DE
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Fig. 9 The relationship among the spoiler hidden ratio and the

ratio of the displayed review sentences.
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R 9 XLOREEHOME (Naive Bayes)

Table 9 The number of the places where sentences are deleted.

ERES I3Iv”s  Uhit DVD
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