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. 22— v P a4 A HEBIE . 22— v P A BT
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fEETRORVEEZ KT TEL T3, Mt (centering) 25 18.4 8.48 233 2.58
ZffoTb A 7Yz 7}?&]@&5%@@2{{111,72@) (raw & [H U 30| 123 1266 | 2238 218
FUHB) L0, RICHBRLTLiLe, 35| 83 1447 | 193 2.04
BzfioTh, hifbzirbewuHEERZ P (raw) & 40| 55 15.00 | 17.5 1.94
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