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Thoughts on Evaluations of Graph Clustering for the Selection of Word Co-
occurrence Data
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In order to construct an optimal semantic network by employing the hierarchical
graph clustering algorithm of Recurrent Markov Clustering (RMCL), this study
discusses some graph clustering results in terms of optimal clustering and data sizes.
The corpus used in this study is the Gospels of the New Testament for which two
semantic networks are created based on network features. The network structures are
investigated from the perspective of constructing appropriate semantic networks that
capture the relationships between words and concepts.
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