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Automatic Generation of AI Characters’ Behavior Rules Based on the
Imitation of Player's Behavior

HUIYANG ZHANG'' JUNICHI HOSHINO

In video games, for Al characters’ behavior will greatly impact on players’ play experience, developers paid a lot of attention to the
development of game Al. However, games like Multiplayer Online Battle Arena which are considered to be much more complex
than board games such as chess have a great number of game situation and the development of game Al for these games is quite
costly. Aimed saving cost of developing game Al, there are some researches on automatic generating behavior rules for Al
characters by using machine learning. However, it is needed to take into account of players’ behavior in real games’ data that are
not necessary. These behaviors are also called as noisy data. This paper will presents a method of automatic generating Al

characters’ behavior rules and discusses about the noisy excepting result of Self-Organizing Incremental Neural Network.
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