Vol. 48 No. 11

ooooooooo

Nov. 2007

gobooobgoood

g

O oOfe

000000oo0o0oooooooooooooooooooooOOOoOO0O0bO0ObDbOb0o0D
goo0o0oooooooobooooooooobooooooobooOoOoObOcObObO0OOoOoOooOooooo
goooooooooooooOooOoOOOOCOCOCOOOO0OO0OO0OoOoOoOoooooooooooooo
goooboooooobo0ooooooO0oooooOoOo00oooOboO0o00ooboOooOoooOobOoOooOonon
goboooooooooooOoOoooOoOoOoObOOOOOCOCOCOOOOOOOOODOoOooooooo
goooooooooooooOOoOooOOOOOOOCOOOCOOOOOOOOOOOOOOOooooo
goooooooooooooooOOoOoOOOOOOOOOODODOODOOOOOOO0DOOOOOOO0O

goooooooooooooo

Kana-Kanji Converter with an Infinite Vocabulary

SHINSUKE MORI®

In this paper we propose a framework of a kana-kanji converter with an infinite vocabu-
lary. With this framework the converter can enumerate even unknown words as conversion
candidates when the string of the unknown words appear in a newspaper or a web page. In
addition, the converter order the candidates of known words and unknown words properly
by referring to their contexts. In the experiments, we adapted a kana-kanji converter based
on a stochastic LM in the general domain to a special domain. The results showed that our
framework is capable of improving the kana-kanji converter applied to a special domain. The
main contribution is that the NLP system can propose even unknown words as the output by

our framework.
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