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Proposal for Detection Method of Blog Spam
Based on Categorization and Time Series Information

KENJI NAKAMURA, ! SHIGENORI TANAKA,T? Hrtosur FURUTA, 2
Kouich! Kitano! and TosHiO TERAGUCHI!

Recently, a blog is well known as a tool for transmitting information easily. However, as
the blog spam increases, the method of filtering spam is required to be efficient. In early
researches, the method for detecting spam mail with Bayesian filter detects the spam from a
characteristic of spam words appeared in spam mails with a high degree of accuracy. However,
there are some problems to apply the Bayesian filter for the blog spam detection. First, it
takes a lot of man-hours to keep high accuracy continuously. Second is to decrease the accu-
racy of the spam detection because there are too many various words in blog. Furthermore,
we have to consider an appearance time of each word. Therefore, in this paper, we acquire
information to update the judgment information automatically and calculate spam probabil-
ity of words with every category to cope with these problems. In addition, we use the time
series information to revise spam probability of words to cope with the problem changing an
appearance words on time. With these countermeasures, we propose a method for detecting
a new blog spam. With comparative experiments, the present method is better adapted to
any existing methods.
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list and black list.
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Fig.6 Flow chart of spam detection.
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Table 1 Quality evaluation of each corpus.
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Table 3 Comparison experiments of spam probability
with each dictionary.
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Table 4 Comparison experiments of number of each
undicidable dictionary.
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