THBALEL A E

IPSJ SIG Technical Report

EEREFTICH T A RBRERFARDBOIR

Kgrt™  mmE! et mamet

DE JE B <CHR 6O IA P F % G T A ME 72 SC % IEHEIZSRAT 35 Z L 1XIR#EECH D, ABFFETIX, Penn Treebank = — /S XA DIKTE
FESRENTIC IS 1T DI R B O BN RO R 2/ E L2, Fx 32 »OUEE O 2 K 20 m i
KHLEJRERL, SHIED cHENIEICHIL, SBAR H FIZHh bR AMEBE R L THH L. 61,
T A NT— 2B AR R B A AT A R AR L, SRR KSR ICB W TERLOREITY /T
—Ya VENBERFERAN EO X S ITHEER EICFS T o0 E A L.

Effect of Conjunctive Expression Recognition for Dependency
Parsing
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Complex sentences that include subordinate or embedded clauses are difficult to parse correctly. This paper investigates the effect
of subordinate conjunction recognition on the accuracy of word dependency parsing of the Penn Treebank corpus. We set a wide
definition of subordinate conjunctive expressions in that we allow any expressions that connect two sentential structures. We
extracted such expressions as those that appear at the c-commanding position of an S structure and are immediately dominated by
an SBAR. We then construct classifiers to recognize them in test sentences and investigate how auto-tagged subordinate
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conjunctive expressions help to increase the accuracy of English dependency parsing.
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02-11 90.88 89.84
MST-2
02-21 91.91 90.98
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02-21 92.20 91.33
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data g accuracy ~ accuracy root 1 2 3-6 7
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Baseline 89.90 88.91
MST-1 SC-aware | 96.44 9640 9442 9035 89.20
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Baseline 90.88 89.98
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