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Dialogue act tagging for microblog utterances
using semantic category patterns

Abstract: In this paper, we propose dialogue act tagging for utterances in microblogs. The dialogue act es-
timator is built by using support vector machines (SVMs). To cope with the variety of words and expressions
in microblogs, the feature vector uses N-grams of characters and words. In addition, the feature vector of
word N-grams are abstracted into semantic categories by using a thesaurus. In our experiment, the proposed
model outperformed naive baselines based on word N-grams.
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Fig. 1 The flow of the proposed method.
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Table 1 An example of mophological analysis.
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Table 2 An example of mophological analysis.

unigram 〈s〉, , , , , , 〈/s〉
bigram 〈s〉- - - - -

-〈/s〉
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*1 http://www.csie.ntu.edu.tw/ cjlin/liblinear/
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Table 3 Statistics of collected dialogues and dialogue-act anno-

tation. Inter-annotator agreement means agreement

of dialogue-act annotation using Cohen’s κ.
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Fig. 2 The propostion of dilaogue act for each dataset.
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Table 4 The comparison of the feature sets.

unigram 3-4gram

1-2gram

Twitter 29%(48%) 31%(52%) 37%(62%) 60%(100%)

44%(75%) 46%(78%) 45%(76%) 59%(100%)

5 Twitter

Table 5 The result of the feature sets.

Twitter

Twitter 33% 23%

37% 45%

2000 300
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