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Toward the Optimized message communication method for Pregel
Graph Processing System

KOJI UENO'" TOYOTARO SUZUMURA ™

Pregel is a framework for large-scale graph processing that utilizes BSP (Bulk Synchronous Parallel) based programming model.
We propose optimization techniques for the message communication of the Pregel framework. This technique can be applied
when all the vertexes send the same message to all of their neighbors. Our performance evaluation shows that our method can
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compute 1.57 times faster for PageRank but only 0.93 times for BFS.
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Table 1 Reduction of transferring messages for a 1 million

vertices random graph whose average vertex degree is 32.
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