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A Study on Similar Reviewer Recommendation using
Random Forest Algorithm

YUUKI TOKUDA" TAKESHI UMEZAWA'
NORITAKA OSAWA

Customer reviews on the Web are written by reviewers with various preferences. A user often wants to know reviewers with
similar preferences to find interesting reviews for him/her efficiently. It is usually tedious and time-consuming to find interesting
reports from a large set of reviews. Therefore, we investigate methods of similar reviewer recommendation to find useful
information efficiently. Similarity between a user and reviewers is computed using Random Forest Algorithm, in which features
are , tf-idf values of words in reviews, the length of a sentence and occurrence ratios of character type. On the basis of similarity
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between reviewers, we study reviewer recommendation methods and evaluation of the methods.
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Figure 1 Overview of proposed system.
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Figure 2 Error rate vs. number of tree.
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Figure 3 Similarity between a and by : sim(a, b,3000, Nyf)
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Figure 4 similarity between a and by : sim(a, by, T, 10)
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