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A Low-latency Continuous Workflow Execution Method
Focusing on External Module’s Running Cost
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Abstract: Since the amount of data computers process is increasing, processing data stored on disk
cannot meet the data flow speed in some cases. Streaming processing is an important key for such
calculations. While streaming processors, including commercial ones, are widely spread, we espe-
cially focus on Continuous Workflow processor. Some Continuous Workflow applications have such
charcteristics: (1) Processing data input into the workflows should be done in quite short time. (2)
Some modules, or programs, used in the workflows have large running cost. In this paper, we pro-
pose a framework to realize low-latency Continuous Workflow execution taking modules with large
start-up cost into account.
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Fig. 1 An example workflow description
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Data processing scalability (20ms/block)
3000
£ 2500 — -
8 / —#-KillEverytime
T 2000
e / —+—NoKill/ Planningkill
$ 1500 /
S 1000 7 =
= 500
0 B T T T T T T T T T T T T T T 1
0 4 8 12 16 20 24 28 32 36 40 44 48 52 56 60 64
# Nodes

7 = FEISGU A7 vy 78 (Wi 20 2 Y B /block)
Fig. 7 Number of blocks processed with each number of nodes
(Input speed: 20 msec/block)
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Time spent for each core's state (KillEverytime)
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Data processing scalability (15ms/block)
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Fig. 11 Number of blocks processed with each number of nodes
(Input speed: 15 msec/block)
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