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Learning Simulation Policies for Monte-Carlo Tree Search in General
Game Playing
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Abstract: General Game Playing (GGP) is an approach building a program which plays any game well by
interpreting the game rule written in formal logic. Monte carlo tree search has recently succeeded in GGP,
but learning methods of simulation policies are limited because of limitation of learning time in the compe-
titions. In this paper, we try learning methods of simulation policies for GGP without considering the time
limitation and discuss the behavior of various simulation policies. The experimental results on Tic-Tac-Toe
show that mean square errors of those learning methods differ from each other. However, the rates of winning
are not different. We think this is because tic tac toe is a very small game.
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