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Object Recognition with a Knowledge Base
for Object Similarity

RYO YAGI'!' ERIKO YOSHIMURA ™
SEIJI TSUTHIYA™ HIROKAZU WATABE

Recently, image information is used by lots of people through contents in the internet. For searching image information, there are
not only the ways that connect with texts in the web, but also the ways that use similarity image.

Recognizing the general objects as class names of target, called the general object recognition, has studied for a few decades. It
can’t be help to get extra information such as back ground when the system computes feature amount, because it is used the real
scenes as input image of generic object recognition. So, the author proposed the way to delete extra information and extract
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feature amounts of objects using the knowledge base with information from similarity points.
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