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Study on a Method of Collecting Similar Japanese Historical Materials
in Nanboku-cho Period of Japan

YaMADA Tarzo!

Abstract: Recently, in Japanese historical material, the amount of encoded texts has been grown up, and
encoded texts have been published by web-based systems. In the paper, using similarity between text of
Japanese historical materials which are written in Nanboku-cho period of Japan, we introduce a method to

collect and represent the materials.

Keywords: Japanese historical material, text mining, machine learning, n-gram language model, nonpara-

metric bayes
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