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A Consideration on Sharing of Outlier Detections
on Stream Data Processing
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This paper first describes our work on constructing a malware detection infrastructure system based on stream processing system.
Then we describe how we implement an anomaly detection method “Change Point Detection (CPD)” onto our stream processing
system SS*. Then we propose a method to share computations among multiple CPD runs. The result of initial experiment
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showed that shard computation achieved 206 % of performance improvement at the maximum case.
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