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Fig. 1 Example of graph structure
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Fig. 3 One transition represented by (I — %L)
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Algorithm 1 Proposed algorithm

input: T,r, k'

initialize: 7" =T +rI, [,:0000

for m =1 to n(n —1) do

for k=1 to k' do

stepl:
0 (17) 0000 [log(T")],, 00 Wm 0000
step2:
L™ O000000000000000 «mOp™0oO0o0on

(o™, ™) = arg min J (o, B, L™)
a,B

oooo «mopmoL™ 0000 TOO000O0O00O0DO0D0OO
T =T — diag(T) + diag (am-e_ﬁmLm)

end for
end for

m = arg min
m={1,2,--- ,n(n—1)}

J(a™, g™, L™)

return L™
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