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Topic Estimation for Microblogs
Taking into Account the Relationships between Adjacent Tweets
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Naoya NAKAMURA Ryoner Sasano?  Hirova TAKAMURA?  MaNABU OKUMURA

Abstract: Inrecent years, micloblogs have appeared and become prevalent all over the world. Since the characteristics
of the information contained in micloblogs are considered to be different from those contained in conventional media,
we can get a lot of useful information from micloblogs. However, commonly used topic models, such as LDA, do not
work well on micloblogs, since these topic models do not take into account the relationships between adjacent posts
and the shortness of each post. In this paper, we propose a new topic model for micloblogs that takes into account the
relationships between adjacent posts.
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(1) for each topict =1,...,T
draw ¢' ~ Dir(B)
(2) foreachuseru=1,...,U
(a) draw 6" ~ Dir(a)
(b) draw z; ~ Multinomial(6")
(c) for each tweet s =2,...,N,
(i) draw y; ~ Bernoulli(y)
(ii) if y; = O then draw z; ~ Multinomial(6")
else 7, « z,_;
(iii)for each word i = 1,..., N,

draw w; ~ Multinomial(¢*)
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