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Applying Markov Logic Network to Long Sequential Data

Abstract: We propose a new model for identification of relations between utterances in Twitter conver-
sations. Markov Logic Network (MLN) has been used for such relation identification. There is a large
difference between Twitter conversation and other conversation logs. Sometimes, an utterance in Twitter
has an explicit information indicating that the utterance have a relation with another utterance, such as reply
and retweet. Therefore we employed the MLN for identification of utterance relations by introducing new
predicates designed for Twitter. However, the MLN has a problem that cannot scale to large problems when
we apply the model for long conversations. We addressed the problem by segmentation of such large scale
problems. The segmentation helps to reduce computational complexity of the large scale problems without
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large loss of accuracy.
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