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Fig. 1 An island model with a two-layered tree structure
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Fig. 2 Grid and archive schemes
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Table 1 Common parameters in the simulation experiments.

RETFIE | 1ERTE
w 0.9
c1,C2 1.0
5F-8 3 1
BRI 20 -
AR5 1 -
BRETERL (x5) DI 10

& 2 7 A MTEHIOFBRNT A—F

Table 2 Case parameters in the simulation experiments.

7ZDT1 7ZDT2 ZDT3 7ZDT4 ZDT6

s | 102 102 300 501 102
M (3x34) | (3x34) | (3x100) | (3x167) | (3x34)

AE | 1x10* | 2x10% | 1x10* | 1x10° | 1x10*

% N1:157 N1:107 N1:107 N1:17, N1:177
Sy
" N2=15 | N2=10 N2=18 No=17 N2>=10

Oshare 0.003 0.12 0.002 0.1 0.2

& 3 7 A MRBEOERRR

Table 3 Comparison of performances on test problems

FiE GD S

PERFVE | 0.002561  1.305792
ZDT1 ;

RETIE | 0.000198  0.566345

PERFVE | 0.009106  1.620482
ZDT2 ;

EFIE | 0.005435  1.243906

PERFVE | 0.014512 2.048453
ZDT3 ;

BETFE | 0.014549  1.413845

PEkRFVE | 0.077915 5.912123
ZDT4 ;

REFVE | 0.309881 2.610747

PEkFVE | 0.053571  5.081610
ZDT6 ;

BEFVE | 0.002070  0.716897
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Fig. 4 Simulation results(conventional method)
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