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input:
0000 D e Rdxm
0000 zeR?
Doddex>o0
initialize:
goooooogoo =0
0oo0ooooo e =0
0000 »*=x—-D ==
00000000 S =supp{c’} =10
while ||7t]2 > ¢ do
0000:j¢SsS0000000d;000000000000:

() = minlldyz; — 73
00D0000: jo=argminjgse(j) 00000000
S =3S8U{jo}
gooooo:

t4+1

ctl = argmin||Dec — || subject to supp{c} C S
c

ooog: ettt =2 — Dettlo
end while

Iterative Reweighted Least Square (IRLS)
IRLSOOp€[0,1]0000 1, 0000000000
00000000000000,, 0000000000
O0000000000+00000000000000
0000000 ¢ eR"O0O0D0O0O0O0OOO00OOO0
00 W, = diag(|ct|*=?/2,-- |, |""P/2) 0000000
0000 000000000000000000000
0000w, 'ooooooo|w, 'dl3=|d|roo000
W, |30 ¢01,00000000000000000
ooooo

min ||[W,  ¢||3 subject to ||x — Dclla =0 (31)
c
gbobobooooogoobooboboboobooo
I =w2DT(DWED )Tz (32)

00000000M 000 MOOOODOOO0O0DO0O
000000000 |rt,=|je—De!||0 0000000
O0DO0O0DIRLSO0O0D000D00000000 Algorithm?
0oooon

OMPOOODOOODOOODOOODOOODOO
00000000000000000000000000
00000000000000000000000 [31]0
OOOMPODOOOOOODOOOOOODODOO OMP
00000000000000000000000000



gogoooooood
IPSJ SIG Technical Report

Algorithm 2 IRLS: Iterative Reweighted Least Square
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0oooooog =1
oooooo we =1,
while ||rt]|2 > € do
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Fig. 2 A conceptual diagram of super-resolution based on

sparse coding.
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