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I mprovement of Stock Price Prediction
by Using Bayesian Networ k

MAsAAKI HARADA, Y1 ZUOT! and Eisuke KITAT!

Application of Bayesian network to stock price prediction is described in this study.
While, in the previous study, the prediction error is estimated by the difference between
the actual and the predicted stock prices which are represented in the continuum values. In
this study, the stock prices described in the discrete values are adopted for estimating the
prediction error, which can simplify the algorithm. Besides, the effect of the number of
the past stock prices for predicting the future stock price is also discussed. The prediction
results by using the past stock price alone are compared with them by the past stock price
and their prediction error in the numerical example. Bayesian network in the latter case is
more complicated than that in the former case. The prediction accuracy in the latter caseis
better than that in the former case.
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