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An Efficient Recruitment Platform for
Participatory Sensing using Social Media
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Participatory sensing enables citizens with a mobile phone as sensors to ob-
serve phenomenons in an city. Performance of such approach has depended on
quality of each participant’s contribution. Therefore, recruiting of well-suited
participants who can contribute directly to collect sensed data according to pur-
poses of organizers is a significant challenge. Previous works elect participants
from candidates which were analyzed geographic behaviors. However, behavior
analysis in a phone is not feasible in terms of its battery wasting. In this pa-
per, we propose KEIAN that has two contirbutions: First, participant’s habit
has been extracted from social media. Second, the platform elects participants
taking advantage of sensing habits of their posts to social media.
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Fig.1 A System Architecture of KEIAN
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