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A Privacy-Preserving Recommendation Method
using Perturbation

ANNA MOCHIZUKI™ and HrrRoakt KIKUCHT!

This paper proposes a new privacy-preserving recommendation method us-
ing randomized scheme. A privacy of rating value is preserved since random
perturbation prevents private rating value from being identified. While, the ac-
curacy of recommendation is improved by Bayse estimation of similarity matrix
of items.
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