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Additional Test of Food Image Recognition by MKL

MARINA UCHIMURA, ! MAsaAMI TAKATAT?
and KAzUk1 Jogf?

In this paper, we recognize food image. Users need information about food
calorie so on. However, it is too difficult to have correct information about food
because of variety foods. To solve this problem, the system which specialists
advise with food image has been developed. However, this system has a limita-
tion in capacity. Therefore, food images should be recognized automatically by
using image-recognition technique. SVM (Support Vector Machine) is one of
supervised learning. The SVM can classify correctly with given image features.
A number of features are needed to treat so many food. These features have to
be combined by using SVM. Consequently, MKL (Multiple Kernel Learning)
should be adopted. We experiment with 85 categories of food images to find
out quality of SVM using MKL.
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3. Multiple Kernel Learning
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