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Cold-start Recommendations using Regularized Link Analysis

SHINYA NaiTof! and KoJji EcqucHhif!

Recently, there has been a growing need for more sophisticated recommenda-
tion techniques with an increase in the amount of data available on the Web. In
this study, we especially focus on recommending items with long text, and aim
at achieving this by proposing a method of link analysis of a user-item bipartite
graph in a regularization framework based on Co-HITS algorithm. This method
can integrate, via mutual reinforcement, the graph structure and the content
of both user profiles and items. It has never been seen in the mainstream
of conventional recommendation techniques. In our experiments, we used the
data of Web browsing history, assuming Web news articles as target items. We
evaluated the list of top-N items recommended based on the browsing history,
using a test set that consists of a part of browsed items for each user. We
demonstrate through the experiments that the proposed method outperformed
several baseline methods in a situation where the cold start problem occurs,
which often becomes a serious problem in recommendations.
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Fig.1 An example of bipartite graph from a dataset
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