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Social News Recommendation System
Using Twitter

Go Havakawa, ! MakoTo OKABE™ and Rik1o ONAIf3

We focus on human relations in a social network service, and propose a novel
method to recommend news articles based on the analysis of microblogs of the
user’s friends. In addition to a conventional method that estimates user’s inter-
ests using TF-IDF, our approach allows the user to specify an importance value
to each friend, which enables the recommendation of more personalized articles.
We perform a subjective user study to evaluate our method by measuring the
number of recommended articles that each test user actually feels interested.
We demonstrate that articles recommended by our method are more interesting
to the user than articles recommended by just analyzing user’s own microblogs.
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