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Abstract

(Scale-Invariant Feature Transform) is major algorithm in wide-range applications.

mi-no@cs28.cs.kobe-u.ac.jp

Recently, various feature descriptors for image recognition have been proposed. Especially, SIFT

However, it is difficult for

general-purpose CPU to process SIFT algorithm in real-time because SIFT algorithm requires massive processor power and
memory band-width. Hardware-implementation approach is essential for real-time operation. Therefore this paper

describes trade-off analysis of SIFT
and high-accuracy hardware configuration is introduced.

algorithm  between

hardware cost and accuracy. Then, low-cost

Keyword SIFT, feature extraction, hardware implementation
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