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Subspace method for remote sensing data classification
— Current status and future work—
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Abstract Land cover classification is one of the most important and typical applications of remote sensing.
Various types of remotely sensed data (i.e., difference sensors, spatial resolutions, num of bands) collected over a span of
years are useful to observing and characterizing both natural and human-induced changes over large areas. Many classification
approaches has been proposed for land cover classification. Subspace method was widely used for pattern recognition and
computer vision, and recently applied in remote sensing data classification. The subspace method represents each class by a
model of a linear subspace of a feature space. The objective of subspace methods is to represent high-dimensional data in
a low-dimensional subspace. Classification then takes place on the chosen subspaces. In this paper, we carried out
experiments with three types of remote sensing images, a full scene multispectral Landsat TM data for the typical
semi-arid zone in the Horqin sandy land, China, the AVIRIS hyperspectral data in USA and CASI-3 hyperspectral data in Japan,
and a recent lunched fully polarimetric Phased Array-type L-band Synthetic Aperture Radar (PALSAR)
data for high humidity and warm temperature zone in the Kasumigaura Lake region of Japan. Experimental results show that
subspace method is a valid and effective alternative to other pattern recognition approaches for the classification
of remote sensing data.
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