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Abstract

Generally speaking, the pattern recognition techniques must perform two basic functions,

that is, the process of characterizing a class of the common pattern of inputs that belong to

the same class and the process of classifying any input as a member of one of several classes.

The present paper shows the synthesized and coordinated résumé on the pattern classification

techniques with learning procedures focusing around the present author’s works.

The proposed techniques are expected to be available not only to temporal patterns but also

to spatial patterns.
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