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PodCastle: Dynamic Language Modeling
for Podcast Transcription

JUuN OcaTA™ and MasaTaka GoTof!

In transcribing podcasts, language modeling is a critical and challenging issue
because of the diversity of topics, vocabularies, and speaking styles. This paper
describes the application of a dynamic language model adaptation to podcast
transcription. Our approach is based on a dynamic mixture of multiple topic
language models through the use of web news text data. In the mixture process,
the topic language model parameters are automatically tuned in an unsuper-
vised manner for each input speech data. Furthermore, we explore the use
of podcast-dependent language models trained from actual podcast data for
the dynamic language modeling process. Experiments have been carried out
for Japanese podcast transcription. We confirmed that the adapted language
models in our system reduced the word error rate significantly compared to the
baseline language model.
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