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Performance Verification of t-LDA Method for Extracting
Bursty Latent Topics from a Document Stream

MASATAKA MizuTa, ! MasaTrosar Kumano, 2
Keiko ONO'? and MASAHIRO KIMURA 2

We previously proposed the t-LDA method that extracts bursty latent top-
ics from a documet stream. The method utilizes Latent Dirichlet Allocation
(LDA), which is a probabilistic generative model of documents, for extracting
latent topics, and introduce a time-filter for identifying bursty topics. It con-
structs a measure of similarity between two documents with time-stamps on
the basis of LDA and the time-filter, and extract bursty latent topics from a
document stream by applying a hierarchical agglomerative clustering method.
In this paper, we quantitatively verify its effectiveness by using synthetic data,
and demonstrate its effectiveness by using real online news data.
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Fig.1 The flow for extracting bursty latent topics by the t-LDA method
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Fig.2 Resluts for extracting bursty latent topics using the syntheticl data
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Table 1 The bursty spans extracted for the synthetic data (k = 30)
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Table 2 Results for extracting bursty latent topics using the online news data

ID | 0000000000 0000 000000
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Fig.3 The bursty latent topic (ID 8) extracted by t-LDA method from the online news
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Fig.4 The bursty latent topic (ID 1) extracted by t-LDA method from the online news
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Fig.5 The bursty latent topic (ID 1) extracted by t-LDA method from the online news
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