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Fig.5 Convergent rate for orthogonal pattern  Fig. 6 Convergent rate for orthogonal pattern

set: target pattern is stored pattern A, set: target pattern is unknown pattern J,

oo0oooO0ooo0oooOoooO0o0ooO0oOo0oooo0oooooooooooO A
0000000000 000000070000n<10022<n0O00000 AD0O0O
0008000000000 00O00 ADEOOODUOOODOOOOODOOOD EODOOD
00000000000000000010<n<220000000 ADBOCOOOO
goboooogosboooobooooodo 1oboboooo gbooooooooonn
gobooooBOOOOODOOOOOOODOOOO0OOOn<10022L<n000000B
goboooogbboobooooooo BOODOoOOOoOoOooDOoOoooooobooobooDO
goooooborb0O0OO0bOOOOODODOOODOODOD SOO00O0O0DO0OODbOO
goboos9ooooboboooooooboooooJoooooboooooooobooooooo
00000000O00O000000JO0O000O0O0 ADBOCOODOOOOoOOOOOO
oobOEOOODOOSOOOOODOOOOOO0OOO0 EONODDOOOOOODOOOOOO
gooooooooooobooboooooobooooooboooooboeObOOOOOnOO
gbooooobooooooobooobooooobooooooobooboooooboooon
goooooooooooooooboooooooooboooOoooooooboboooooo
goboooooooobooboooooooooooOoooboo0oOobooOooooooboOoOoooao
oooooooooOobOOoO00oO0OoooOoODOO0O0O0O00OOb0O0O0O0 M=090+=2.80
A=02000000000000000000000000000O0O00CO0OCOOO0O
gobobooooooboooooooobooooooo

Vol.2010-MPS-81 No.7
Vol.2010-BIO-23 No.7

2010/12/16
C C
1 m 1
0.1 0.1
0.01 0.01
0.001 0.001 —H
0 5 10 15 20 25 30 0 5 10 15 20 25 30
n n

07 00000DO0O0DO0:00000000000000 8 OO0OO0DOODO:0000000000000
000 AD(QODCA0ADCEDXOCcO04+0CE) 000 BO(QOCADADCED XO0Cc0+0CE)
Fig.7 Convergent rate for correlated pattern set: Fig.8 Convergent rate for correlated pattern set:

target pattern is stored pattern A, target pattern is stored pattern B,

C 1

0.1
0.1

0.01

vl 1t Mﬁ@%

Il vAR IIZON N
0 5 10 15 20 25 30

0.01

0.001

0 5 10 15 20 25 30
n

0 10 pseudo-inverse approach 000000000
09 0000O00O000D0:000000000000D Oo0o000O: 00000000000000D

0JO0(QOCAO0AOCBO XO0CcO0+4+0CE) 0 AD(QOCAO0AOCBO XOCcO+0CE)
Fig.9 Convergent rate for correlated pattern set: Fig. 10 Convergent rate for correlated pattern set

target pattern is stored unknown pattern J, by pseudo-inverse approach: target pat-

tern is stored pattern A,
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