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Behavioral Analyses of Social Media
by Social Ties and Similarity

YoHEI Tsupa, Masanrro KuMano,? KeEiko ONoT?
and MASAHIRO KIMURA?

We identify the interplay between social ties and similarity in a social network
using real social media data. Moreover, we propose a method for predicting the
future links and activities of an individual in a social network on the basis of
both social influence and similarity features. We experimentally demonstrate
using the social media data that combining features based on social ties and
similarity is more predictive of future behavior than either social influence or
similarity features alone.
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Fig.1 The definition of the social tie and the user activity in the @cosme data.
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Fig.2 The degree distribution of the Fig.3 Number of edges e(t) versus num-

@cosme social network. ber of nodes n(t) in log-log scales.
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Fig.4 Fluctuation in effective diameter. Fig.5 Fluctuation in clustering

ooo coefficient.
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Fig.6 Results for the average similarity
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Fig. 7 Results for the difference of aver-

of user pairs as a function of the age similarity of user pairs as a

time after first communication. 0 function of the time after first com-

goooooo munication.
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