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Entity Set Expansion based on Bootstrap Methods
using the Topic Features and Attribute Constraints

KucaTsu SapamiTsu,! KuNiko Sarro,f!
KeNJ1 IMAMURAT! and GenicHIRO Kikut 11
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Fig.1 The co-training methods using topics and attributes.
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Table 1 The initial seed sets of entities and attributes.
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Table 2 The accuracy of extracted entities.
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