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This paper reports the extension of identification method based on analyses of user utter- obobobobooooobobobooooooooboooooooooooon

ance in barge-in-able spoken dialogue system which reads out items. Generally, user’s be- minininininininininininininininininininininininininn e e e e e e e e e e e e
haviors such as barge-in timing and utterance expressions vary in accordance with the user’s

preference and the content of system utterances. To interpret users’ intention robustly, first, boopodoooobodoooooodooooood
we analyze 1584 utterances collected by our systems with quiz and news-listing tasks and 0000000000000 000000D0000ooDooDDoDO0UOOUoOOoOon
reveal that the ratio of using referential expressions depends on individual users and aver-
age lengths of listed items. Second, we incorporate this tendency as a prior probability into
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our probabilistic framework for identifying user’s intended item. This prior probability is +1 0000000000000 0000000
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Fig.1 O Dialogue example in news-listing task
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Input
[ U: user utterance = {£, X'} ]

T':i-th item enumerated by the system

t:utterance timlng X : ASR result

Intergretatlon by utterance timin, ng
P(|T.C gamma distribution:
o modeling utterance timing

Interpretation by ASR results
Cosine distance between Tiand X

| cos(Ti, X)

TT T2 T3 Ta
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Fig.2 Flow of identifying user’s referent
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Fig.3 Definition of utterance timing
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Fig.4 Dialogue example in quiz task
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Table |  Number of user utterances in two tasks
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Table 3  Features of user’s and sysetm’s characteristics
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Table 4 Identification accuracy [%] for user utterances in news-listing task
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ooo 83.7 (#:220) | 59.9 (#:82) 75.5 (#:302)

0S5 0000000O00000000000 [%]

Table 5 Identification accuracy [%] for user utterances in quiz task
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Table 6 Example of identifiable utterance by our method
000o000o00o0o00D: 040000000000
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0000: Fy, =0.570 F, = 0.070 F3 = 3.08

a [ PWITs) | PWUITy) | PUITs) [ OOOD
00000000000 1.03E-4 6.63E-3 2.68E-1 5
0.1 9.28E-5 7.63E-2 2.41E-1 5
100000000000 0.00 7.02E-1 0.00 4
000 (a = 0.47) 5.46E-5 3.35E-1 142E-1 4
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Table 7 [ Average and standard deviation of
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Table 8 Average and standard deviation of

each coefficient in news-listing task each coefficients in quiz task
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